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Abstract 
Workplace psychosocial risks, including work stress, burnout, workplace bullying, 
organizational conflict, and psychological distress, have become increasingly prevalent across 
contemporary organizations. Despite growing awareness of these issues, many employees 
remain reluctant to report psychosocial concerns due to fear of retaliation, stigmatization, or 
disclosure of their identities. Consequently, organizations often fail to identify psychosocial 
risks at an early stage, resulting in adverse outcomes for employee well-being and 
organizational performance. This article introduces SafeVoice-AI-Release, an artificial 
intelligence-based early intervention ecosystem designed to facilitate anonymous reporting, 
psychosocial risk screening, automated risk analysis, and evidence-based intervention 
recommendations. The system integrates the SafeVoice Psychosocial Screening Inventory 
(SPSI), an AI Analytics Engine, a Predictive Risk Scoring Model, and organizational dashboards 
within a unified digital platform. The innovation was developed using a design and 
development methodology involving needs assessment, system blueprinting, user journey 
mapping, AI architecture development, system architecture modelling, and prototype design. 
SafeVoice-AI-Release is designed to enable employees to report concerns anonymously while 
allowing organizations to identify psychosocial trends, classify risk levels, and implement 
targeted interventions. The proposed system contributes to workplace well-being by shifting 
organizational responses from reactive problem management to proactive prevention and 
early intervention. The innovation demonstrates the potential of artificial intelligence to 
support sustainable workplace well-being and organizational resilience through data-driven 
decision-making. 
Keywords: Artificial Intelligence, Psychosocial Risk, Workplace Well-Being, Anonymous 
Reporting, Early Intervention 
 
Introduction 
Contemporary workplaces are being reshaped by digitalisation, technological innovation, 
changing employment arrangements, intensified performance expectations, and increasingly 
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blurred boundaries between work and personal life. Although these transformations have 
created new opportunities for flexibility, productivity, and organizational efficiency, they have 
also altered the psychosocial conditions under which employees work. Work stress, burnout, 
workplace bullying, interpersonal conflict, and declining psychological well-being are no 
longer adequately understood as isolated individual difficulties; rather, they increasingly 
reflect the interaction between employees and the organizational, relational, and 
technological environments in which work takes place (Backhaus et al., 2024; Deady et al., 
2024; Gimpel et al., 2024). The World Health Organization (WHO) (2022) similarly positions 
mental health at work as an organizational and public health concern, emphasising that 
working conditions can either protect or undermine employee well-being. Depression and 
anxiety alone are estimated to result in approximately 12 billion lost working days annually 
worldwide, demonstrating that workplace mental health has consequences not only for 
individual employees but also for organizational productivity and wider socioeconomic 
sustainability (World Health Organization & International Labour Organization, 2022).  
 
This changing understanding of workplace mental health reflects a wider shift in 
contemporary social science from approaches that primarily locate stress and psychological 
difficulty within individuals towards perspectives that recognise the organizational and social 
production of psychosocial risk. Employees' well-being is shaped not only by their capacity to 
cope with demands, but also by workload, job control, organizational support, interpersonal 
relations, fairness, communication, workplace culture, and access to mechanisms through 
which concerns can be expressed and addressed (Amoadu et al., 2024; Deady et al., 2024). 
Accordingly, contemporary psychosocial risk management increasingly emphasises 
organizational prevention rather than relying predominantly on individual coping strategies 
after distress has already developed. This orientation is reflected in the WHO Guidelines on 
Mental Health at Work, which recommend organizational interventions that identify and 
modify psychosocial risk factors within working environments (WHO, 2022). In Malaysia, this 
policy direction has become particularly salient following the introduction of the Guidelines 
on Psychosocial Risk Assessment and Management at the Workplace 2024, which explicitly 
emphasise organizational screening, risk control, record keeping, and continuing monitoring 
of psychosocial conditions (Department of Occupational Safety and Health, 2024; Abd Shukor 
& Khalid, 2025).  
 
Yet the presence of formal policies or workplace support mechanisms does not necessarily 
mean that psychosocial concerns become visible to organizations. One of the central 
problems lies in the relationship between employee voice and employee silence. Employees 
may recognise harmful conditions but nevertheless withhold concerns when speaking up is 
perceived as personally or professionally risky. Fear of retaliation, stigma, breaches of 
confidentiality, negative career consequences, loss of credibility, and distrust of 
organizational procedures can therefore prevent psychosocial problems from entering formal 
reporting systems (Bogaers et al., 2021; Dewa et al., 2021; McGrath et al., 2023). This issue is 
increasingly important within organizational scholarship because silence is not simply the 
absence of reporting; it may reflect workplace power relations, psychological safety, 
organizational culture, and employees' assessments of whether expressing concerns is likely 
to produce meaningful change. Recent evidence reinforces this connection. A systematic 
review and meta-analysis involving 84 studies and 34,975 participants found that greater 
employee silence and lower voice were significantly associated with higher burnout, 
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suggesting that organizational environments in which concerns remain unspoken may 
themselves be consequential for employee well-being (Lainidi et al., 2026).  
 
This perspective has important implications for workplace psychosocial risk management. 
Conventional systems often depend on formal complaints, periodic employee surveys, 
counselling referrals, or human resource procedures that become activated only after an 
employee decides to disclose a concern. Such mechanisms remain necessary, but they may 
fail to capture emerging risks when employees are unwilling to identify themselves or when 
psychosocial difficulties have not yet developed into formally reportable incidents. Moreover, 
psychosocial screening, employee reporting, risk assessment, intervention planning, and 
organizational monitoring frequently operate through separate organizational processes 
(Ryan et al., 2023; Deady et al., 2024). The resulting problem is therefore twofold: 
psychosocial concerns may remain hidden because employees do not speak, while 
information that is available may remain fragmented because organizations lack mechanisms 
for integrating it. This creates a persistent gap between the existence of psychosocial 
information and the organizational capacity to transform that information into timely 
preventive action. 
 
Artificial intelligence (AI) creates new possibilities within this gap because it can support the 
analysis of multiple forms of psychosocial information, including structured screening data 
and unstructured employee narratives. Natural Language Processing, Large Language Models, 
and predictive analytical approaches may assist organizations in identifying recurring themes, 
patterns, and risk signals that are difficult to detect through manual review alone (Dubosson 
et al., 2022; Guo et al., 2024). However, the increasing use of AI in workplaces also introduces 
an important contemporary social-science debate concerning surveillance, employee 
autonomy, privacy, transparency, and the power associated with data-driven decision-
making. Recent research cautions against assuming that workplace AI is inherently beneficial. 
AI may enhance decision support and organizational responsiveness, but it may also increase 
perceptions of monitoring, reduce autonomy, generate privacy concerns, and create new 
psychosocial risks when implemented without adequate governance (Ferrarini & Leonelli, 
2026; Karimova, 2026). The challenge is therefore not merely to introduce AI into workplace 
well-being systems, but to design AI-supported mechanisms that preserve confidentiality, 
augment rather than replace professional judgement, and translate psychosocial information 
into proportionate human and organizational responses.  
 
Against this background, an important gap remains at the intersection of psychosocial risk 
management, employee voice, and AI-enabled organizational decision support. Existing 
scholarship has generated substantial knowledge about individual psychosocial hazards such 
as stress, burnout, workplace bullying, conflict, and psychological well-being. Other studies 
have examined disclosure barriers, organizational interventions, psychosocial safety, or 
applications of AI to workplace and mental-health-related data. However, these streams of 
research remain insufficiently connected. In particular, there is limited conceptual integration 
of (a) multidimensional psychosocial screening, (b) protected or anonymous employee 
reporting, (c) AI-assisted interpretation of structured and narrative information, (d) risk 
prioritisation, and (e) intervention and organizational monitoring within a continuous early-
intervention process. The literature reviewed in this study therefore suggests that the critical 
gap is not simply the absence of another reporting application or another psychosocial 
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assessment instrument, but the absence of an integrated socio-technical framework capable 
of connecting employee voice, psychosocial assessment, analytical interpretation, and 
organizational action. 
 
To address this gap, this paper proposes SafeVoice-AI-Release, an Artificial Intelligence-Based 
Early Intervention Ecosystem for Workplace Psychosocial Risk Management. Guided by the 
WHO Healthy Workplace Framework and contemporary approaches to psychosocial risk 
management, the ecosystem integrates the SafeVoice Psychosocial Screening Inventory 
(SPSI), anonymous reporting, AI-assisted analytics, predictive risk assessment, intervention 
recommendation, and organizational monitoring within a unified framework. Its conceptual 
contribution lies in connecting three areas that are frequently examined separately: 
psychosocial risk, employee voice and silence, and AI-supported organizational decision-
making. Rather than positioning technology as a substitute for professional or organizational 
responsibility, SafeVoice-AI-Release conceptualises AI as a decision-support mechanism 
within a broader human-centred process of prevention, assessment, intervention, and 
monitoring. Accordingly, this study aims to develop and conceptually validate an integrated 
AI-supported ecosystem for the early identification and management of workplace 
psychosocial risks, with the broader objective of strengthening preventive organizational 
responses to employee well-being. 
 
Literature Review 
Work Stress 
Work stress is widely recognised as a key psychosocial risk factor because it often precedes a 
range of adverse individual and organizational outcomes. Excessive workload, time pressure, 
role ambiguity, and work–life imbalance have been associated with emotional exhaustion, 
lower job satisfaction, absenteeism, and reduced organizational commitment (Antón, 2009; 
Wang et al., 2020; Jim et al., 2024; Julianto et al., 2024). Beyond these immediate effects, 
prolonged exposure to work stress may increase vulnerability to burnout and psychological 
distress (Backhaus et al., 2024; Loretto et al., 2010; Ryan & Cooney, 2024). This makes work 
stress an important indicator for the early identification of psychosocial risks and highlights 
the need for mechanisms capable of detecting emerging concerns before they affect 
employee well-being and organizational functioning (Oz, 2019; Ryan et al., 2023). 
 
Burnout 
Burnout reflects the cumulative impact of prolonged occupational strain and is frequently 
associated with reduced engagement, declining performance, absenteeism, and turnover 
intentions (Antón, 2009; Wang et al., 2020). Rather than representing an isolated individual 
problem, burnout often signals broader workplace issues, including excessive demands, 
inadequate support, and persistent organizational pressures (Backhaus et al., 2024; Ryan et 
al., 2023). Its significance lies in its role as an early warning indicator of deteriorating 
workplace conditions, making it an important dimension for psychosocial risk assessment and 
intervention planning (Ryan & Cooney, 2024). 
 
Workplace Bullying 
Workplace bullying constitutes a significant psychosocial risk because of its persistent effects 
on employee well-being and workplace relationships. Experiences of intimidation, exclusion, 
humiliation, and psychological mistreatment have been linked to anxiety, depression, 
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reduced self-esteem, job dissatisfaction, and lower organizational commitment (Boudrias et 
al., 2021; Bunce et al., 2024; Chatziioannidis et al., 2018). However, bullying frequently 
remains underreported due to concerns regarding stigma, retaliation, and confidentiality 
(Chatziioannidis et al., 2018). This reporting gap limits organizational awareness of emerging 
psychosocial risks and reinforces the importance of confidential reporting mechanisms within 
workplace well-being systems. 
 
Organizational Conflict 
Although conflict is an inevitable aspect of organizational life, unresolved conflict can become 
a significant source of psychosocial strain. Persistent disagreements, communication 
breakdowns, and interpersonal tensions may undermine collaboration, workplace morale, 
and employee well-being (Antón, 2009; Julianto et al., 2024). Research suggests that 
unresolved conflict not only affects interpersonal relationships but may also reduce team 
effectiveness and organizational performance (Antón, 2009; Dong et al., 2024). Consequently, 
the timely identification of conflict is important for preventing the escalation of workplace 
tensions into more serious psychosocial problems (Ryan et al., 2023). 
 
Psychological Well-Being 
Psychological well-being represents a protective dimension of workplace functioning and 
provides an important counterbalance to psychosocial risk indicators. Employees who 
demonstrate greater resilience, emotional stability, and workplace satisfaction are generally 
better equipped to manage occupational demands and adapt to workplace challenges (Dong 
et al., 2024). Contemporary workplace well-being research increasingly recognises that 
organizational health depends not only on reducing psychosocial hazards but also on 
strengthening positive psychological functioning (Ryan & Cooney, 2024; Dong et al., 2024). 
Psychological well-being is therefore an important indicator of both employee resilience and 
organizational health (Ryan et al., 2023; Dong et al., 2024). 
 
Limitations of Existing Workplace Reporting Systems 
Despite increasing awareness of workplace psychosocial risks, many organizations continue 
to rely on reporting systems that are primarily complaint-driven and reactive in nature (Ryan 
et al., 2023; Ryan & Cooney, 2024). Employees may be reluctant to disclose psychosocial 
concerns because of fears related to confidentiality, stigma, retaliation, or negative career 
consequences (Chatziioannidis et al., 2018; Ryan & Cooney, 2024). As a result, organizations 
often become aware of workplace problems only after substantial individual or organizational 
harm has occurred. 
 
A further limitation is that workplace reporting systems are frequently designed to document 
incidents rather than identify psychosocial risks at an earlier stage. Psychosocial screening, 
risk assessment, intervention planning, and organizational monitoring often operate as 
separate processes, resulting in fragmented information and limited coordination (Ryan et al., 
2023). This fragmentation reduces organizations’ capacity to recognise emerging risks, 
implement preventive measures, and respond proactively to workplace well-being concerns 
(Oz, 2019; Gimpel et al., 2024; Ryan & Cooney, 2024). These limitations highlight the need for 
integrated approaches that support continuous monitoring, early detection, and evidence-
informed intervention (Oz, 2019; Ryan et al., 2023). 
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Synthesis of Workplace Psychosocial Risk Dimensions 
The literature indicates that workplace psychosocial risks cannot be adequately explained 
through a single construct. Instead, psychosocial conditions emerge through the interaction 
of work demands, interpersonal relationships, organizational processes, and individual 
psychological functioning (Deady et al., 2024; Leka & Kortum, 2008). Although these 
dimensions are often examined separately, their effects are closely interconnected (Galanakis 
& Tsitouri, 2022; Zeshan et al., 2024). 
 
Excessive work demands may contribute to burnout, while workplace bullying and unresolved 
organizational conflict can intensify psychological strain and undermine employee well-being 
(Backhaus et al., 2024; Hayat & Afshari, 2021). At the same time, psychological well-being 
may influence how employees respond to workplace pressures and organisational challenges 
(Amoadu et al., 2024; Zeshan et al., 2024). These dimensions therefore operate as an 
interconnected system rather than as independent factors, shaping both employee 
experiences and organizational outcomes (Schaufeli, 2017; Boudrias et al., 2021). 
 
Based on this synthesis, five domains were identified as central to workplace psychosocial risk 
assessment: Work Stress, Burnout, Workplace Bullying, Organizational Conflict, and 
Psychological Well-Being. Together, these dimensions capture both psychosocial risk factors 
and protective aspects of employee functioning, providing a more comprehensive 
understanding of workplace well-being (Amoadu et al., 2024; Schaufeli, 2017; Galanakis & 
Tsitouri, 2022). These domains subsequently informed the development of the SafeVoice 
Psychosocial Screening Inventory (SPSI) and the conceptual design of the SafeVoice-AI-
Release ecosystem. 
 
Conceptual Foundation of SafeVoice-AI-Release 
SafeVoice-AI-Release was developed in response to two persistent challenges identified in 
workplace psychosocial risk research: the underreporting of psychosocial concerns and the 
limited capacity of conventional reporting systems to support prevention and early 
intervention (Deady et al., 2024). In many organizations, psychosocial issues are recognised 
only after substantial individual or organizational consequences have occurred (Schaufeli, 
2017). Guided by the WHO Healthy Workplace Framework, the proposed framework views 
workplace well-being as the outcome of interactions between psychosocial conditions, 
organizational practices, and employee functioning (Leka & Kortum, 2008). This perspective 
highlights the need to move beyond incident reporting towards the continuous identification 
and management of psychosocial risks (Bergh et al., 2017; Deady et al., 2024; Schaufeli, 2017). 
 
The framework is grounded in the assumption that psychosocial risks emerge progressively 
through workplace experiences and organizational processes rather than as isolated incidents 
(Backhaus et al., 2024). Changes in workload, interpersonal relationships, organizational 
climate, and psychological functioning often precede more visible psychosocial problems 
(Backhaus et al., 2024; Amoadu et al., 2024). Consequently, psychosocial risks are unlikely to 
be effectively managed through approaches that depend solely on formal complaints after 
problems have become apparent (Deady et al., 2024). Understanding psychosocial risk as a 
dynamic process therefore shifts attention towards the identification of early indicators that 
may signal future harm and require preventive intervention (Schaufeli, 2017). 
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Central to the framework is the SafeVoice Psychosocial Screening Inventory (SPSI), which 
incorporates five domains: Work Stress, Burnout, Workplace Bullying, Organizational Conflict, 
and Psychological Well-Being. These domains were selected because workplace psychosocial 
conditions are multidimensional and cannot be adequately explained through a single 
construct (Deady et al., 2024; Leka & Kortum, 2008). Together, they capture both sources of 
psychosocial risk and indicators of employee resilience, providing a broader understanding of 
workplace well-being and reflecting the interconnected nature of psychosocial experiences 
within organizational settings (Amoadu et al., 2024; Galanakis & Tsitouri, 2022; Zeshan et al., 
2024). 
 
A central contribution of SafeVoice-AI-Release lies in its integration of psychosocial screening, 
anonymous reporting, risk assessment, intervention planning, and organizational monitoring 
within a single framework. This integration is important because psychosocial concerns 
frequently emerge through the interaction of multiple factors that remain fragmented across 
separate organizational processes (Deady et al., 2024; Sivris & Leka, 2015). Reliance on a 
single source of information may obscure emerging risks, whereas the integration of 
assessment and reporting data provides a more comprehensive understanding of workplace 
psychosocial conditions (Bergh et al., 2017). Integrating these functions within a continuous 
process strengthens organizational capacity to identify concerns earlier and coordinate 
appropriate responses (Schaufeli, 2017). 
 
Within this integrated framework, AI-assisted analytics functions as a mechanism for 
identifying patterns and relationships across multiple sources of psychosocial information. Its 
contribution lies not merely in processing large volumes of data but in supporting the 
recognition of emerging psychosocial risks that may not be readily observable through 
conventional reporting mechanisms. By transforming fragmented psychosocial information 
into actionable insights, AI-assisted analytics supports earlier organizational responses and 
more informed decision-making. 
 
By linking assessment, reporting, analysis, and intervention within a continuous cycle, the 
framework conceptualises workplace psychosocial risk management as an ongoing 
organizational responsibility rather than a reactive response to isolated incidents (Schaufeli, 
2017; Sivris & Leka, 2015; Deady et al., 2024). In doing so, it advances a preventive 
conceptualisation of workplace psychosocial risk management in which assessment, 
reporting, monitoring, and intervention are understood as interconnected components of 
organizational well-being (Leka & Kortum, 2008; Bergh et al., 2017). Such an approach 
provides a foundation for earlier, more coordinated, and evidence-informed responses to 
workplace psychosocial concerns (Amoadu et al., 2024; Deady et al., 2024). 
 
System Development Methodology 
The development of SafeVoice-AI-Release adopted a Design and Development Research 
(DDR) approach to guide the systematic design of the proposed workplace psychosocial risk 
management ecosystem (Aris, 2024; Padzil et al., 2021; Richey & Klein, 2013; Easterday et al., 
2018). DDR was selected because it provides a structured pathway for translating theoretical 
and empirical knowledge into practical innovation (Aris, 2024; Richey & Klein, 2013). Within 
this study, the approach enabled the integration of psychosocial risk theory, organizational 
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reporting practices, and AI-assisted decision support into a coherent framework aligned with 
workplace well-being objectives (Leicht-Deobald et al., 2019; Kawakami et al., 2023). 
 
The development process began with a needs assessment informed by literature on 
workplace psychosocial risks, employee well-being, and organizational reporting systems 
(Padzil et al., 2021; Aris, 2024; Easterday et al., 2018). Particular attention was given to work 
stress, burnout, workplace bullying, organizational conflict, psychological well-being, and 
barriers to reporting workplace concerns (Hayat & Afshari, 2021; Amoadu et al., 2024). This 
stage established the conceptual foundation of the framework by identifying a recurring 
limitation in existing workplace practices: psychosocial concerns are frequently addressed 
after harm has occurred rather than through mechanisms that support prevention and 
ongoing monitoring. 
 
Subsequently, a system blueprint was developed to define system objectives, stakeholder 
roles, functional requirements, and data flows (Aris, 2024; Padzil et al., 2021; Easterday et al., 
2018). Establishing these relationships was important because workplace psychosocial risks 
rarely exist as isolated events (Amoadu et al., 2024). Effective management requires the 
integration of assessment, reporting, analysis, and intervention processes that are often 
dispersed across different organizational functions (Kawakami et al., 2023). 
 
User journey mapping was then undertaken to examine interactions among employees, 
counsellors, human resource personnel, and system administrators. Because psychosocial risk 
management involves multiple stakeholders with distinct responsibilities, mapping these 
interactions helped ensure that reporting pathways, screening procedures, and intervention 
mechanisms reflected practical organizational processes and decision-making needs (Leicht-
Deobald et al., 2019; Kawakami et al., 2023). 
 
The development of the system and AI architectures focused on creating a framework capable 
of transforming psychosocial information into actionable organizational insights. While the 
system architecture supported data collection, storage, processing, and reporting, the AI 
architecture was designed to facilitate complaint classification, psychosocial risk 
identification, predictive risk assessment, and intervention recommendation. This integration 
was particularly important because psychosocial concerns often emerge through patterns 
and relationships that may remain obscured when information is fragmented across separate 
reporting channels (Kawakami et al., 2023). Within this framework, AI-assisted analytics 
functions as a mechanism for recognising emerging psychosocial patterns and supporting 
more informed organizational responses. 
 
The final stage involved prototype development based on the conceptual framework and 
system architecture (Aris, 2024; Padzil et al., 2021; Easterday et al., 2018). Rather than serving 
solely as a technical demonstration, the prototype was designed to illustrate how 
psychosocial screening, anonymous reporting, analytics, intervention recommendation, and 
organizational monitoring could operate within a unified ecosystem. This stage provided a 
practical representation of how multiple sources of psychosocial information could be 
integrated to support organizational decision-making and workplace well-being management 
(Kawakami et al., 2023). 
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Overall, the DDR approach provided a systematic pathway for translating workplace 
psychosocial risk literature into a functional ecosystem design (Richey & Klein, 2013; Aris, 
2024; Padzil et al., 2021). Rather than treating technology as an end in itself, the development 
process ensured that technological innovation remained grounded in psychosocial risk 
management principles, thereby aligning system design with the broader objective of 
strengthening workplace well-being and organizational responsiveness (Leicht-Deobald et al., 
2019; Kawakami et al., 2023). 
 
Expert Validation of the SafeVoice-AI-Release Framework 
To enhance the content validity, practical relevance, and feasibility of the proposed 
SafeVoice-AI-Release ecosystem, an expert validation process was conducted involving ten 
subject matter experts from multidisciplinary fields relevant to workplace psychosocial risk 
management. The expert panel consisted of three industrial and organizational psychologists, 
three human resource management specialists, two artificial intelligence and data analytics 
experts, and two organizational counselling practitioners. The selection of experts was based 
on their professional experience, academic qualifications, and demonstrated expertise in 
workplace well-being, psychosocial risk assessment, organizational intervention, or artificial 
intelligence applications (Hasson et al., 2000; Lynn, 1986). 
 
The validation process aimed to evaluate the conceptual adequacy and applicability of the 
SafeVoice-AI-Release framework prior to full prototype implementation and empirical 
testing. Experts were provided with the conceptual framework, system architecture, 
component descriptions, and operational workflow of the proposed ecosystem. They were 
subsequently asked to assess the framework using a structured evaluation form comprising 
five dimensions: relevance, clarity, practicality, feasibility, and innovation (Polit & Beck, 2006). 
Relevance referred to the extent to which the framework addressed contemporary workplace 
psychosocial risk management challenges. Clarity examined whether the framework 
components, processes, and relationships were clearly articulated and understandable. 
Practicality assessed the potential usefulness of the framework in real organizational settings. 
Feasibility evaluated the likelihood of implementation within existing organizational 
structures and technological environments. Innovation focused on the originality and added 
value of integrating psychosocial screening, anonymous reporting, artificial intelligence 
analytics, predictive risk assessment, and intervention planning within a unified ecosystem 
(Nambisan et al., 2017). 
 
Content validity was assessed using the Content Validity Index (CVI). Experts rated each 
evaluation item within the five dimensions on a four-point scale ranging from 1 (not relevant) 
to 4 (highly relevant). Item-level Content Validity Index (I-CVI) values were calculated by 
dividing the number of experts assigning ratings of 3 or 4 by the total number of experts. 
Dimension-level CVI values were subsequently calculated by averaging the I-CVI values of the 
items within each dimension, while the overall Scale-Level Content Validity Index using the 
averaging method (S-CVI/Ave) was calculated across all items. In addition, percentage 
agreement was calculated to provide an indication of expert consensus regarding the 
suitability of the proposed framework (Lynn, 1986; Polit & Beck, 2006). 
 
The validation findings demonstrated strong support for the SafeVoice-AI-Release 
framework. The overall S-CVI/Ave was 0.91, exceeding the commonly recommended 
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benchmark of 0.90 for excellent scale-level content validity (Polit & Beck, 2006). Percentage 
agreement across the five evaluation dimensions ranged from 85% to 95%, reflecting 
substantial consensus among experts regarding the framework's conceptual relevance and 
practical potential (Polit & Beck, 2006). Experts particularly highlighted the value of 
integrating anonymous reporting mechanisms with psychosocial screening and AI-assisted 
analytics, noting that such integration could strengthen organizational capacity for early 
psychosocial risk detection and intervention. This emphasis is broadly consistent with 
contemporary guidance advocating preventive and organizational approaches to workplace 
mental health (World Health Organization & International Labour Organization, 2022). 
 
Several recommendations were provided by the expert panel to further strengthen the 
framework. These included the development of detailed psychosocial assessment indicators 
within the SafeVoice Psychosocial Screening Inventory (SPSI), refinement of the proposed 
predictive risk scoring mechanism, incorporation of ethical governance principles for artificial 
intelligence implementation, and enhancement of data privacy and confidentiality 
safeguards. These recommendations were incorporated into the revised conceptual 
framework and will inform future prototype development and empirical validation phases. 
The emphasis on ethical governance and data safeguards is consistent with UNESCO's (2021) 
Recommendation on the Ethics of Artificial Intelligence. 
 
Overall, the expert validation process provided preliminary evidence supporting the 
conceptual soundness, relevance, and practical applicability of the SafeVoice-AI-Release 
ecosystem. The findings suggest that the framework has potential as a workplace 
psychosocial risk management innovation and warrants further development through 
prototype implementation, usability testing, and organizational pilot studies (World Health 
Organization & International Labour Organization, 2022). 
 
Table 1 
Expert Panel Composition 

Expert Category Number of Experts 

Industrial and Organizational Psychologists 3 

Human Resource Specialists 3 

Artificial Intelligence Experts 2 

Organizational Counsellors 2 

Total 10 

 
Table 2 
Expert Evaluation Criteria 

Evaluation 
Dimension 

Description 

Relevance 
Suitability of the framework for workplace psychosocial risk 
management 

Clarity Clarity of framework structure and component relationships 

Practicality Applicability in organizational settings 

Feasibility Potential for implementation and operationalization 
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Evaluation 
Dimension 

Description 

Innovation Originality and contribution of the framework 

 
Table 3 
Expert Validation Results 

Dimension CVI Percentage Agreement (%) 

Relevance 0.95 95 

Clarity 0.90 90 

Practicality 0.90 90 

Feasibility 0.85 85 

Innovation 0.95 95 

Overall (S-CVI/Ave)  0.91 91 

 
The conceptual framework of SafeVoice-AI-Release 
The conceptual framework of SafeVoice-AI-Release was developed through the integration of 
occupational health theory, workplace psychosocial risk literature, and contemporary 
artificial intelligence technologies (Aust et al., 2023; Deady et al., 2024; Dubosson et al., 2022; 
Guo et al., 2024). It is informed by the World Health Organization (WHO) Healthy Workplace 
Framework (2010), which recognises psychosocial working conditions as a critical 
determinant of employee well-being and organizational effectiveness (Deady et al., 2024; 
Miguel et al., 2023). Consistent with this perspective, the framework views psychosocial risk 
management as a preventive organizational responsibility that requires the identification and 
management of emerging concerns before they develop into more serious individual or 
organizational consequences (Loh et al., 2024; Deady et al., 2024; Berglund et al., 2024). This 
orientation is particularly relevant given the tendency of workplace psychosocial issues to 
remain unrecognised until they have already affected employee functioning, workplace 
relationships, or organizational performance (Dubosson et al., 2022). 
 
The framework is organised around five psychosocial constructs: Work Stress, Burnout, 
Workplace Bullying, Organizational Conflict, and Psychological Well-Being (Aust et al., 2023; 
Amoadu et al., 2024; Galanis et al., 2024). These constructs were selected because workplace 
psychosocial conditions are shaped by the interaction of occupational demands, 
interpersonal relationships, organizational processes, and individual psychological 
functioning (Dubosson et al., 2022; Deady et al., 2024). Work Stress and Burnout reflect the 
psychological consequences of workplace demands (Aust et al., 2023), while Workplace 
Bullying and Organizational Conflict represent interpersonal and organizational sources of 
strain (Amoadu et al., 2024; Galanis et al., 2024; Bernotaitė & Malinauskiene, 2017). In 
contrast, Psychological Well-Being captures a protective dimension associated with 
employees’ capacity to adapt to workplace challenges (Amoadu et al., 2024). Considered 
collectively, these constructs provide a broader understanding of workplace psychosocial 
conditions than any single indicator alone and form the basis of the SafeVoice Psychosocial 
Screening Inventory (SPSI) (Deady et al., 2024; Miguel et al., 2023). Their inclusion reflects the 
premise that psychosocial risk arises through the interaction of multiple workplace conditions 
rather than from isolated experiences or events (Dubosson et al., 2022). 
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A central assumption of the framework is that psychosocial risks may remain obscured when 
relevant information is dispersed across separate organizational processes (Daniels et al., 
2021; Deady et al., 2024; Dubosson et al., 2022). Conventional reporting systems frequently 
rely on individual complaints or isolated incidents, which may provide only a partial 
representation of workplace psychosocial conditions (Dubosson et al., 2022; Stratton et al., 
2022). To address this limitation, the framework incorporates a technological layer 
comprising Artificial Intelligence (AI) Analytics, Natural Language Processing (NLP), Large 
Language Models (LLMs), and Predictive Risk Scoring mechanisms. The purpose of this layer 
is not merely analytical but integrative. By identifying patterns across psychosocial screening 
outcomes and anonymous employee reports, these technologies facilitate the transformation 
of fragmented information into structured insights that can support organizational 
assessment, decision-making, and risk management (Dubosson et al., 2022). This capability is 
particularly important because psychosocial concerns often emerge gradually and may not be 
readily identifiable through a single source of information (Deady et al., 2024). 
 
The framework also incorporates an intervention layer that connects psychosocial 
assessment with organizational action (Aust et al., 2023; Daniels et al., 2021; Loh et al., 2024). 
This component recognises that the value of psychosocial assessment lies not solely in 
identifying risks but in its capacity to inform timely and coordinated responses (Berglund et 
al., 2024; Miguel et al., 2023). Through the integration of early intervention strategies, 
counselling support, human resource responses, and organizational monitoring mechanisms, 
the framework seeks to ensure that identified concerns are linked to appropriate support 
pathways (Deady et al., 2024; Stratton et al., 2022; Berglund et al., 2024). This connection 
between assessment and intervention is central to the framework because the effectiveness 
of psychosocial risk management depends on an organization’s ability to translate 
information into meaningful action that supports employee well-being and organizational 
resilience (Aust et al., 2023; Daniels et al., 2021). 
 
Taken together, SafeVoice-AI-Release functions as an Artificial Intelligence Early Intervention 
Ecosystem in which psychosocial assessment, anonymous reporting, AI-assisted analysis, risk 
classification, intervention planning, and organizational monitoring operate as 
interconnected processes (Dubosson et al., 2022). Unlike conventional workplace reporting 
systems that primarily document incidents after they occur, the framework emphasises 
prevention, continuous monitoring, and organizational responsiveness (Loh et al., 2024; 
Berglund et al., 2024; Deady et al., 2024). In doing so, it advances a conceptualisation of 
workplace psychosocial risk management in which assessment, reporting, analysis, and 
intervention are understood as mutually reinforcing components of organizational well-being 
(Daniels et al., 2021; Aust et al., 2023; Miguel et al., 2023). By integrating psychosocial theory, 
workplace reporting practices, and AI-enabled analytics within a unified framework, 
SafeVoice-AI-Release provides a conceptual foundation for strengthening organizational 
capacity to understand, manage, and respond to workplace psychosocial risks in a more 
systematic and preventive manner (Guo et al., 2024). 
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Figure 1 illustrates the conceptual framework underpinning SafeVoice-AI-Release, 
highlighting the relationships between the theoretical foundation, psychosocial constructs, 
technological components, and intervention mechanisms that collectively support workplace 
psychosocial risk management. 
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SafeVoice Psychosocial Screening Inventory (SPSI) 
The SafeVoice Psychosocial Screening Inventory (SPSI) serves as the primary assessment 
component within the SafeVoice-AI-Release ecosystem (Amoadu et al., 2024; Deady et al., 
2024; Dubosson et al., 2022; Kawakami et al., 2023). Developed from the synthesis of 
workplace psychosocial risk literature, the instrument was designed to provide a structured 
assessment of psychosocial conditions that may not be readily observable through 
organizational reporting mechanisms alone (Dubosson et al., 2022; Kawakami et al., 2023). 
This function is particularly important because psychosocial concerns often emerge gradually 
and may remain undetected until they affect employee well-being and organizational 
functioning (Dubosson et al., 2022). 
 
At its current conceptual stage, the provisional SPSI comprises twenty items distributed across 
five domains: Work Stress, Burnout, Workplace Bullying, Organizational Conflict, and 
Psychological Well-Being. These domains were selected because they represent both 
psychosocial risk factors and protective dimensions of employee functioning (Amoadu et al., 
2024; Hayat & Afshari, 2021; Ribeiro et al., 2021). Work Stress and Burnout reflect the effects 
of occupational demands, whereas Workplace Bullying and Organizational Conflict capture 
interpersonal and organizational sources of strain (Hayat & Afshari, 2021; Ribeiro et al., 2021). 
Psychological Well-Being provides an indicator of employees’ capacity to cope with workplace 
challenges (Amoadu et al., 2024; Hayat & Afshari, 2021; Kawakami et al., 2023). Considered 
collectively, these domains offer a multidimensional assessment of workplace psychosocial 
conditions and provide the foundation for subsequent analysis, risk assessment, and 
intervention planning (Dubosson et al., 2022). Rather than focusing on a single indicator, the 
SPSI recognises that workplace well-being is shaped by the interaction of multiple 
psychosocial factors operating simultaneously (Kawakami et al., 2023; Amoadu et al., 2024; 
Hayat & Afshari, 2021; Ribeiro et al., 2021). The proposed items require subsequent 
psychometric validation before the SPSI can be used as an empirically established workplace 
screening instrument. 
 
Anonymous Reporting Module 
Underreporting remains a persistent challenge in workplace psychosocial risk management, 
as employees may be reluctant to disclose concerns because of fears related to 
confidentiality, stigma, retaliation, or potential career consequences (Kyung et al., 2023; 
Klinefelter et al., 2021; Dewa et al., 2021; Dewa, 2014). As a result, organizational responses 
are often initiated only after concerns have become more visible or difficult to address (Kyung 
et al., 2023; Zadow et al., 2017). 
 
The Anonymous Reporting Module was developed to reduce these barriers by providing 
employees with a confidential mechanism for reporting workplace concerns (Dahler-Larsen 
et al., 2020; Dewa, 2014). The module accommodates reports relating to workplace bullying, 
harassment, abuse of authority, organizational conflict, burnout-related concerns, and other 
psychosocial difficulties that may affect workplace functioning (Amoadu et al., 2024; Kiaos, 
2025). Beyond its reporting function, this component contributes contextual information that 
may not be captured through structured psychosocial assessments. Anonymous reports 
therefore complement SPSI data by providing insights into employees’ lived workplace 
experiences and enabling a more comprehensive understanding of organizational 
psychosocial conditions (Dahler-Larsen et al., 2020; Kiaos, 2025). 
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AI Analytics Engine 
The AI Analytics Engine functions as the analytical core of the SafeVoice-AI-Release 
ecosystem. Its inclusion reflects the assumption that psychosocial concerns are often 
embedded within narrative accounts, workplace experiences, and patterns of interaction that 
may be difficult to identify through manual review alone (Uronen et al., 2022; Ricketts et al., 
2023; Young et al., 2019; Byon et al., 2023; Becker et al., 2025). 
 
Drawing on Natural Language Processing (NLP) and Large Language Model (LLM) capabilities, 
the engine analyses employee narratives to identify recurring psychosocial themes, classify 
reported concerns, and detect patterns associated with emerging risks (Uronen et al., 2022; 
Becker et al., 2025). This process enables qualitative workplace experiences to be 
transformed into structured information that can support organizational decision-making 
(Khairuddin et al., 2022; Ricketts et al., 2023; Zhang et al., 2019). 
 
Importantly, the value of the AI Analytics Engine extends beyond complaint categorisation 
(Ricketts et al., 2023; Becker et al., 2025; Khairuddin et al., 2022). By identifying relationships 
across reports and psychosocial indicators, it facilitates a broader understanding of workplace 
conditions and supports the recognition of issues that may otherwise remain fragmented 
across departments, teams, or reporting channels. In this way, the component strengthens 
organizational capacity to interpret psychosocial information and respond more strategically 
to emerging concerns. 
 
SafeVoice Predictive Risk Scoring Model 
The SafeVoice Predictive Risk Scoring Model was developed to integrate psychosocial 
assessment outcomes with information derived from employee reports within a unified risk 
assessment framework. The model is based on the premise that psychosocial risks are more 
accurately understood when multiple sources of information are considered together rather 
than in isolation (WHO, 2010). 
 
A composite risk score may be generated by combining SPSI results with indicators derived 
from anonymous employee reports. This integration enables the system to capture both self-
reported psychosocial conditions and workplace experiences, thereby providing a broader 
representation of psychosocial risk within the organization (Leka et al., 2011). 
 
For conceptual purposes, the proposed model organises psychosocial risk into four 
provisional categories: Low Risk, Moderate Risk, High Risk, and Critical Risk. These categories 
are intended to facilitate the prioritisation of intervention needs and resource allocation in 
accordance with broader psychosocial risk-management principles (European Agency for 
Safety and Health at Work [EU-OSHA], 2022; World Health Organization, 2010). The 
categories and their corresponding thresholds remain provisional and require empirical 
validation. 
 
At the current stage of development, the model remains conceptual. Weighting parameters, 
classification thresholds, and predictive algorithms have yet to be empirically established. 
Future research is therefore needed to evaluate the reliability, predictive performance, and 
practical applicability of the model across different organizational contexts. 
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Intervention Recommendation Module 
The Intervention Recommendation Module was developed to bridge the gap between 
psychosocial risk identification and organizational action. Within workplace settings, the 
value of psychosocial assessment lies not solely in detecting risk but in informing responses 
that are proportionate to the severity of identified concerns. Without a mechanism that 
translates assessment outcomes into action, risk identification alone may have limited 
practical value (World Health Organization, 2010). 
 
To address this issue, the module links intervention strategies to risk classifications generated 
through the Predictive Risk Scoring Model. Recommendations range from self-help resources, 
psychoeducational programmes, and resilience-building activities for lower-risk cases to 
counselling support, conflict mediation, human resource involvement, and crisis management 
procedures for higher-risk cases. This tiered approach reflects the assumption that 
psychosocial concerns vary in severity and therefore require differentiated forms of 
organizational support (Leka et al., 2011; International Labour Organization, 2016). 
 
More importantly, the module reinforces the preventive orientation of SafeVoice-AI-Release 
by embedding intervention planning within the broader risk management process. Rather 
than treating psychosocial concerns as isolated incidents requiring reactive responses, the 
framework positions intervention as an integral component of continuous workplace well-
being management (World Health Organization, 2010; Leka et al., 2015). 
 
Organizational Dashboard 
The Organizational Dashboard serves as the primary decision-support interface within the 
SafeVoice-AI-Release ecosystem. Information derived from psychosocial screening, 
anonymous reporting, AI-assisted analytics, and risk assessment processes is consolidated 
into a single monitoring environment to support organizational oversight of psychosocial 
conditions (Leka & Jain, 2010; World Health Organization, 2010). 
 
Its significance extends beyond data visualisation. Workplace psychosocial risks often emerge 
through recurring patterns that may be difficult to identify when information remains 
dispersed across different organizational systems. By integrating multiple sources of 
psychosocial information, the dashboard provides a broader view of risk distributions, 
complaint trends, intervention outcomes, and organizational well-being patterns. 
 
This capability supports both operational and strategic decision-making. In addition to 
facilitating the monitoring of emerging concerns, the dashboard provides evidence that can 
inform organizational policies, employee support initiatives, and resource allocation decisions 
(Leka et al., 2011). Consequently, monitoring becomes part of an ongoing organizational 
process rather than a response triggered only after psychosocial problems become visible. 
 
System Integration and Innovation 
The principal contribution of SafeVoice-AI-Release lies in its integration of psychosocial 
assessment, employee reporting, AI-assisted analytics, risk assessment, intervention 
planning, and organizational monitoring within a single framework. Existing workplace 
systems frequently address these functions separately, resulting in fragmented information 



INTERNATIONAL JOURNAL OF ACADEMIC RESEARCH IN BUSINESS AND SOCIAL SCIENCES 
Vol. 1 6 , No. 9, 2026, E-ISSN: 2222-6990 © 2026 

1249 

and limited capacity to develop a comprehensive understanding of workplace psychosocial 
conditions (Leka et al., 2011; World Health Organization, 2010). 
 
This fragmentation is particularly problematic because psychosocial risks rarely emerge 
through a single event or indicator. Instead, they develop through the interaction of individual 
experiences, workplace relationships, organizational processes, and broader psychosocial 
conditions (Leka & Jain, 2010; Cox et al., 2000). Addressing these risks therefore requires 
mechanisms capable of connecting information across multiple sources rather than relying 
on isolated complaints or assessments. 
 
SafeVoice-AI-Release was developed in response to this challenge by conceptualising 
psychosocial risk management as a continuous cycle linking assessment, reporting, analysis, 
intervention, and monitoring. Through this integration, the framework shifts attention from 
incident-based management towards a preventive and evidence-informed approach that 
supports organizational responsiveness to emerging psychosocial concerns (European Agency 
for Safety and Health at Work [EU-OSHA], 2022; Leka et al., 2011). 
 
Accordingly, the innovation of SafeVoice-AI-Release lies not in any single technological 
component but in the integration of previously disconnected processes within a unified 
workplace psychosocial risk management ecosystem. 
 
Expected Outcomes and Impact 
SafeVoice-AI-Release was developed in response to increasing recognition that workplace 
well-being is shaped by psychosocial conditions that may remain unaddressed until significant 
consequences have occurred (World Health Organization, 2010; Leka & Jain, 2010). By 
integrating psychosocial screening, anonymous reporting, AI-assisted analytics, and 
intervention planning within a single ecosystem, the framework seeks to strengthen 
organizational capacity for the earlier identification and management of psychosocial 
concerns. 
 
For employees, the framework provides opportunities to disclose workplace concerns 
through confidential reporting mechanisms while supporting the identification of 
psychosocial vulnerabilities through structured assessment. Reducing barriers to disclosure is 
particularly important because underreporting remains a persistent obstacle to effective 
psychosocial risk management. Earlier recognition of concerns creates greater opportunities 
for timely support and intervention. 
 
For organizations, the integration of assessment data, employee reports, and analytical 
processes enables a more comprehensive understanding of workplace psychosocial 
conditions than would be possible through isolated reporting systems alone. This information 
can support the identification of recurring psychosocial issues, inform preventive strategies, 
and strengthen organizational responsiveness to emerging risks (Leka et al., 2011; European 
Agency for Safety and Health at Work [EU-OSHA], 2022). 
 
The framework also contributes to professional practice by providing counsellors, human 
resource practitioners, and organizational leaders with structured information to support 
assessment, intervention, and follow-up activities. Access to integrated psychosocial 
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information may improve coordination across support systems and facilitate more evidence-
informed decision-making. 
 
More broadly, SafeVoice-AI-Release reflects a preventive conceptualisation of workplace 
psychosocial risk management in which assessment, reporting, analysis, intervention, and 
monitoring operate as interconnected processes. By shifting attention from reactive case 
management towards the continuous management of psychosocial conditions, the 
framework provides a foundation for healthier, safer, and more sustainable workplace 
environments (World Health Organization, 2010; Leka et al., 2011). 
 
Discussion  
Workplace psychosocial risks are increasingly recognised as important determinants of 
employee well-being and organizational performance (Leka et al., 2011). Nevertheless, 
organizational responses remain largely reactive, relying on formal complaints after concerns 
have become visible. Such approaches are limited because psychosocial risks often develop 
gradually and may remain unreported due to stigma, fear of retaliation, confidentiality 
concerns, or perceived career consequences (Dewa et al., 2021; Klinefelter et al., 2021; 
McGrath et al., 2023). SafeVoice-AI-Release addresses this limitation by conceptualising 
psychosocial risk management as an ongoing organizational process that integrates 
assessment, reporting, analysis, and intervention. 
 
A key contribution of the framework is its emphasis on earlier recognition of psychosocial 
concerns. Conventional workplace well-being initiatives frequently depend on surveys or 
formal reporting mechanisms, both of which require employees to disclose their experiences. 
Although valuable, these approaches may fail to capture concerns that have not yet reached 
the threshold of formal complaints. The integration of psychosocial screening and anonymous 
reporting broadens the evidence available to organizations and strengthens their capacity to 
recognise emerging psychosocial risks. 
 
The inclusion of Work Stress, Burnout, Workplace Bullying, Organizational Conflict, and 
Psychological Well-Being reflects the multidimensional nature of workplace psychosocial 
conditions. Workplace well-being is shaped by the interaction of occupational demands, 
interpersonal relationships, organizational processes, and individual psychological 
functioning (Leka et al., 2011; WHO, 2010). By incorporating both risk and protective 
dimensions, the SPSI provides a more comprehensive representation of workplace 
psychosocial conditions than approaches focused solely on psychosocial hazards. 
 
The framework also responds to the fragmentation that characterises many organizational 
approaches to psychosocial risk management. Assessment, reporting, intervention, and 
monitoring are often undertaken as separate activities, limiting the ability to develop a 
coherent understanding of workplace conditions (Leka et al., 2011). By linking these processes 
within a continuous cycle, SafeVoice-AI-Release enables psychosocial information to inform 
organizational responses more systematically. 
 
The integration of AI Analytics, Natural Language Processing (NLP), and Large Language Model 
(LLM) capabilities further strengthens this process. Employee narratives often contain 
psychosocial information that may not be readily captured through structured assessments 
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or conventional reporting mechanisms. AI-assisted analytics supports the identification of 
recurring themes and patterns across multiple sources of information, providing additional 
evidence to inform professional judgement and organizational decision-making (Shatte et al., 
2019). 
 
The framework also has practical implications for workplace well-being management. 
Integrating psychosocial assessment and reporting data may assist organizations in 
identifying risk patterns, prioritising interventions, and evaluating workplace initiatives, while 
improving coordination among counsellors, human resource practitioners, and organizational 
leaders (Leka et al., 2011; WHO, 2022). 
 
Several limitations should be acknowledged. SafeVoice-AI-Release remains a conceptual 
framework and has not yet been implemented or evaluated within organizational settings. 
The SPSI therefore requires empirical validation, while the proposed Predictive Risk Scoring 
Model requires further testing to establish its predictive performance. Future research should 
examine system usability, user acceptance, and the effectiveness of AI-assisted 
recommendations across different workplace contexts. 
 
Overall, SafeVoice-AI-Release advances a preventive conceptualisation of workplace 
psychosocial risk management by integrating psychosocial assessment, anonymous reporting, 
AI-assisted analytics, risk assessment, intervention planning, and organizational monitoring 
within a single ecosystem. Its contribution lies in bringing together functions that are often 
treated separately, thereby supporting a more coordinated approach to understanding and 
managing workplace psychosocial conditions. 
 
Conclusion 
This article proposed SafeVoice-AI-Release as a conceptual framework for workplace 
psychosocial risk management developed in response to the limitations of reactive reporting 
systems that often identify concerns only after significant consequences have occurred. By 
integrating psychosocial assessment, anonymous reporting, AI-assisted analytics, risk 
assessment, intervention planning, and organizational monitoring, the framework advances 
a more preventive approach to managing workplace psychosocial conditions. 
 
A central contribution of the framework is its conceptualisation of psychosocial risk 
management as an ongoing organizational process rather than a response to isolated 
incidents. This perspective recognises that psychosocial concerns are shaped by the 
interaction of individual experiences, workplace relationships, and organizational conditions, 
requiring coordinated mechanisms that connect assessment, reporting, analysis, 
intervention, and monitoring. 
 
The framework also contributes to discussions on workplace well-being by illustrating how 
psychosocial screening and employee reporting data may be integrated with AI-assisted 
analytics to support organizational decision-making. Its significance lies not in the adoption 
of technology alone but in the integration of previously fragmented processes within a unified 
psychosocial risk management ecosystem. 
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As a conceptual framework, SafeVoice-AI-Release requires further empirical development 
and evaluation. Future research should focus on validating the SafeVoice Psychosocial 
Screening Inventory (SPSI), examining the predictive performance of the proposed risk 
assessment model, and evaluating implementation across different organizational contexts. 
Such work is necessary to determine the practical applicability of the framework and its 
potential contribution to workplace psychosocial well-being. 
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