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Abstract 
The adoption of Artificial Intelligence (AI) in China's public services presents significant 
challenges that impact efficiency and performance. This study explores the major barriers to 
AI implementation, including technological feasibility, infrastructure limitations, talent 
shortages, ethical concerns, and financial constraints. Using an exploratory research 
approach, the study employs surveys and interviews to examine how AI adoption affects 
public service delivery. Quantitative data analysis indicates that while some participants 
recognize AI's potential in improving efficiency and personalization, a significant proportion 
remains skeptical about its overall benefits. Qualitative insights highlight the inefficiencies 
caused by inconsistent AI adoption across regions, resistance to change, and the lack of skilled 
professionals. Additionally, ethical issues such as algorithmic bias and data privacy concerns 
contribute to reduced public trust in AI-driven services. The study applies the Diffusion of 
Innovation (DOI) theory to understand AI adoption patterns and the Cost-Benefit Analysis 
(CBA) framework to evaluate its economic viability. The findings reveal that AI adoption has 
been met with mixed reactions, with concerns about delayed implementation, unequal access 
to services, increased workload for employees, reduced public trust, and missed 
opportunities for innovation. The results suggest that despite its potential benefits, AI 
implementation in China's public sector is hindered by systemic challenges that require 
coordinated efforts from government, industry, and academia. To enhance AI-driven 
efficiency and performance, this study recommends investing in AI infrastructure, improving 
training programs, implementing ethical guidelines, and promoting data-sharing frameworks. 
Addressing these challenges can lead to more inclusive, transparent, and effective public 
services. Future research should focus on longitudinal studies to assess the long-term impact 
of AI adoption and explore innovative policy measures for sustainable AI integration in public 
administration. 
Keywords: Ai Adoption, Public Services, Efficiency, Challenges, China 
 
 

   

                                         Vol 15, Issue 3, (2025) E-ISSN: 2222-6990 
 

 

To Link this Article: http://dx.doi.org/10.6007/IJARBSS/v15-i3/25098        DOI:10.6007/IJARBSS/v15-i3/25098 

Published Date: 22 March 2025 



INTERNATIONAL JOURNAL OF ACADEMIC RESEARCH IN BUSINESS AND SOCIAL SCIENCES 
Vol. 1 5 , No. 3, 2025, E-ISSN: 2222-6990 © 2025 

1368 

 
Introduction 

The adoption of Artificial Intelligence (AI) in China's public services faces multifaceted 
challenges that impede its full realization and subsequent impact on efficiency and 
performance. One of the primary concerns is the looming risk to millions of Chinese workers 
as AI has the potential to automate approximately half of work activities in the country (Wang 
et al., 2021). This automation threatens jobs that rely on predictable programming and 
routine tasks, exacerbating income inequality and raising questions about livelihood security 
for affected employees (Fatima et al., 2020). Moreover, the sudden displacement of jobs by 
AI technologies can disrupt the labor market and exacerbate existing disparities in digital skills 
and income. Technical feasibility emerges as a critical factor influencing the pace and extent 
of AI adoption. While AI promises economic benefits, including enhanced productivity, 
sustained efforts are required to stay at the forefront of this rapidly evolving field. However, 
China faces challenges in nurturing a supportive ecosystem akin to those in the USA, 
necessary for sustained innovation and development in AI. The lack of a robust data-sharing 
ecosystem further hinders progress, as access to diverse datasets is essential for training AI 
systems effectively. Hence, companies are required to have data related to AI so that they 
know which technologies of AI are necessary for the success of companies and how to 
integrate them into the task of technology (Chen & Chen, 2021). Big companies in China such 
as Alibaba can hire specialists in AI and hence they provide the necessary expertise and skills. 
However, small and medium companies find it very difficult to hire specialists in AI. 

 
The shortage of skilled labor poses a significant barrier to AI development and adoption 

in China. Unlike the USA, where a substantial proportion of data scientists possess over a 
decade of experience, China struggles to meet its AI talent requirements. Additionally, the 
adoption of AI technologies may exacerbate income inequality by creating premiums for 
digital skills while reducing demand for low and medium-skilled workers (Almaiah et al., 
2020). Ethical and social concerns surrounding AI adoption compound the challenges. The 
displacement of workers by AI technologies raises ethical questions about employment 
security and societal well-being. Furthermore, issues of data privacy, algorithmic bias, and 
legal liability present significant hurdles to AI adoption. Companies must navigate these 
concerns while ensuring the ethical practice and oversight of AI technologies. The high cost 
of AI deployment emerges as a significant barrier, particularly for small and medium-sized 
enterprises (SMEs) (Sharma et al., 2020). While large companies like Tencent can afford to 
hire AI specialists, smaller firms face financial constraints. Resistance to change further 
complicates AI adoption, as employees fear job displacement and lack understanding of AI 
technologies. Legal and ethical concerns surrounding data usage and privacy also deter firms 
from embracing AI fully. 

 
Addressing these challenges requires a comprehensive approach that considers both 

technological and socio-economic factors. Government policies play a crucial role in fostering 
an enabling environment for AI development and adoption (Chen & Chen, 2021). Moreover, 
initiatives to bridge the AI talent gap and promote data-sharing frameworks are essential for 
sustainable AI growth in China. Thus, the adoption of AI in China's public services is hindered 
by a myriad of challenges, including technological feasibility, talent shortages, ethical 
considerations, and financial constraints (Herath  & Mittal,  2022). Addressing these issues 
requires a coordinated effort from government, industry, and academia to ensure the 
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responsible and equitable deployment of AI technologies. About half of data scientists in the 
United States and 40% of data scientists in China have more than ten years of experience, 
respectively. China currently has thirty AI-focused universities and research labs, but as a 
result, it is unable to meet the demands of the AI industry for new hires. Although AI can 
increase productivity and growth in production, wealth inequality is always a trade-off 
(Almaiah et al., 2020). As AI becomes more widely used, fewer people will be needed for 
certain job roles. Alibaba, for instance, has incorporated AI customer service into its mobile 
payment apps. The objectives of the research are as below: 

• To explore current AI's impact on efficiency and performance in China's public service. 

• To identify the challenges in the adoption of AI in public services in China. 

• To identify the impact of AI adoption challenges on efficiency and performance. 

• To recommend strategies boosting AI adoption for enhanced efficiency in China's public 
services. 

 
Literature Review 

China needs to create a framework that allows for continuous improvements to its 
infrastructure if it wants to use artificial intelligence efficiently. The interplay between 
artificial intelligence (AI) is essential for making a meaningful contribution to the maintenance 
of infrastructure development. This will help China to better comprehend business 
applications. These are the areas in which China can be considered to assist in building a 
concept of the type of learning that will be delivered in the organizations. As a result, it is 
essential for China to understand the evolution of its infrastructure so that it can properly 
manage operations connected to artificial intelligence. In order to continue improving its well-
being, every organization must verify that its AI infrastructure is being followed. 

 
Infrastructure limitations are a major obstacle to the growth and development of e-

learning platforms, especially in areas where access to technology is restricted. In countries 
such as China, where higher education institutions are working hard to integrate mobile 
learning and video conferencing solutions into their curricula, the absence of advanced 
infrastructure, including high-speed internet, modern computing devices, and dependable 
power sources, presents a significant challenge. The digital gap, which separates people who 
have access to strong infrastructure from those who do not, makes it difficult for mobile 
learning systems to be widely adopted. According to research, students in remote and rural 
areas of China, where broadband internet connection is still being developed, frequently have 
trouble accessing e-learning content or engaging in real-time video conferencing sessions (Li 
& Wang, 2023). This difference in access to technology makes existing educational inequities 
worse and restricts the reach of mobile learning frameworks that are intended to improve 
student engagement and motivation. As a result, universities must put money into 
modernizing infrastructure in order to guarantee that all students, no matter where they are 
located, have equal access to e-learning opportunities. 

 
The physical limits of technology infrastructure frequently lead to connectivity problems, 

which have a direct effect on how well video conferencing works for e-learning. Some of the 
difficulties that arise include frequent pauses in the network, sluggish upload and download 
rates, and the fact that certain devices are unable to support high-quality video streaming. As 
a result, students may suffer interruptions throughout online classes, which can lead to less 
participation and lower learning results. According to a study by Zhang et al. (2022), network 
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instability during live online lectures frequently interrupts the learning experience, resulting 
in lower student involvement and memory of course material. These problems not only have 
an impact on student learning, but they also present difficulties for teachers who depend on 
technology that works without interruption in order to provide interactive and collaborative 
learning experiences. As a result, in order to overcome these constraints in infrastructure, it 
is necessary to make ongoing investments in both hardware and software solutions. This will 
guarantee that video conferencing tools can work at their best in a variety of situations, which 
will improve the entire experience of e-learning. 

 
Infrastructure restrictions are also a major factor in the limitations of educational 

content delivery. Due to a lack of sufficient technology and software infrastructure, many 
institutions in developing regions have trouble providing rich multimedia content, such as 
high-definition movies, interactive simulations, or live demonstrations. This limitation affects 
the capacity to provide a learning experience that is both dynamic and engaging, particularly 
in complicated areas that require visual assistance or hands-on participation, such as Internet 
of Things (IoT) applications. Huang and Xie (2021) state that when infrastructure gaps prevent 
the delivery of certain types of information, student pleasure and engagement decrease. 
Students in these environments frequently depend on gadgets that are either old or lack 
sufficient power. This makes it challenging for them to take part in interactive learning 
activities or to access multimedia resources that are essential for their comprehension of the 
subject matter. As a result, it is essential to solve the infrastructure gap in order to create a 
more engaging and inclusive learning environment that can support a variety of modern 
instructional content. 

 
The environmental consequences of maintaining and extending digital infrastructure is 

one of the most urgent problems that is connected to the limitations of infrastructure. The 
increasing need for data centers, cloud storage, and internet bandwidth has led to worries 
about energy consumption and the sustainability of the environment. As educational 
institutions become more dependent on digital platforms for learning, it is important to find 
a way to expand these platforms while still being mindful of the environment. According to 
research conducted by Tan et al. (2020), the rapid expansion of digital infrastructure in 
education is a substantial contributor to the global carbon footprint, particularly in areas 
where fossil fuels are the primary source of energy generation. Furthermore, the carbon 
footprint associated with maintaining and updating technology infrastructure presents 
substantial hurdles for higher education institutions that are trying to meet sustainability 
targets. As a result, universities need to come up with plans to make sure that their digital 
transformation initiatives are in line with sustainable environmental practices. This is in 
addition to addressing infrastructure deficiencies. These plans will help ensure the long-term 
health of both the education industry and the globe. 

 
Finally, the difficulty of infrastructure limits in e-learning also includes the requirement 

for continual maintenance and updates to keep pace with technological improvements. 
Because of the rapid pace of technological advancement, infrastructure that was once 
considered state-of-the-art can swiftly become outdated. Because of this quick obsolescence, 
there is a need for ongoing investment in the upgrading and maintenance of hardware and 
software in order to meet the changing needs of students and educators. According to a 
recent study by Lin & Gao (2024), many higher education institutions, particularly those with 
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limited budgets, face a significant problem due to the absence of frequent infrastructure 
modifications. Institutions that do not invest in regular upgrades risk falling behind in terms 
of providing high-quality e-learning experiences, which can lead to lower competitiveness in 
the global educational market. As a result, institutions must take a proactive approach to 
managing their infrastructure. This means that they must ensure that their technology 
resources are current and equipped to meet the increasing needs of modern education. 

 
Conceptual Framework 

 
Figure 1: Conceptual framework 
Source: (Created by the researchers) 
 
Theoretical Framework 
DOI Theory 

New technologies, such as AI, are accepted and spread throughout a community or 
organisation, and the Diffusion of Innovation (DOI) hypothesis by Everett Rogers gives a 
framework for understanding this process (du Plessis & Smuts, 2021). The application of this 
theory to the deployment of AI in China’s public service sectors is discussed. Government 
agencies and departments in China that see the value in using AI to improve service delivery 
are likely to be the sector’s early adopters and innovators. They see value in piloting and 
testing AI software and are prepared to allocate money towards testing and piloting AI 
applications. More departments in the government will certainly use AI as time goes on. If AI 
solutions have been shown to increase efficiency, openness, and public happiness, they may 
attract the early majority. Successful pilot programmes may be expanded to additional 
divisions at this stage. Due to budget limitations or concerns about the maturity of the 
technology, some organisations may be more hesitant to employ AI. As per Attié & Meyer-
Waarden (2022), the late majority and laggards are unlikely to fully adopt AI at first, but this 
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is expected to change as the technology becomes more well-established and proven in a 
variety of applications. 
Cost-Benefit Analysis Theory 

A cost-benefit analysis (CBA) compares the monetary costs and benefits of an endeavour 
to determine its overall value to the economy. Several crucial factors must be taken into 
account when discussing the function of AI in China’s public service sectors. Investing in 
hardware, software, and employee education is necessary to introduce AI into government 
service delivery. This involves purchasing AI technologies, incorporating them into existing 
infrastructure, and educating government employees. As per Ghanem et al. (2018), the 
government must consider the expenditures involved here against any possible returns. 
Chatbots and virtual assistants are only two examples of the kinds of work that may be 
automated by AI. As a result, public service organisations become more effective and 
productive. Reduced labour hours and more effective use of resources are two ways in which 
this efficiency boost saves money. 

 
Methodology 

For this study, an exploratory research strategy was chosen. Exploratory research is a 
kind of research design that looks into a subject that is relatively unknown or poorly 
understood, offering insights and producing theories for more study (Casula et al., 2021). The 
flexibility and open-ended nature of this technique enable the researchers to go further into 
the study issue and discover new areas of interest. Exploratory research is considered ideal in 
the context of AI deployment in China's public services since it permits the investigation of 
current trends, difficulties, and impacts without the need for preexisting concepts or 
hypotheses. The type of research questions and the intricacy of the subject matter influence 
the decision to do exploratory research (Gerlings et al., 2022). The goal of the research is to 
comprehend the many facets of AI adoption in China’s public services, which include 
employment, education, healthcare, and agriculture. Since the use of AI in public services is a 
dynamic and ever-changing phenomenon, exploratory research offers the freedom to look at 
a variety of angles and find new trends. It makes it possible for the research to find fresh 
insights and adjust to the shifting terrain of AI adoption (Weber & Schütte 2019). 

 
The need for thorough and nuanced insights into the current trends, obstacles, and 

effects of AI adoption in China's public services led to the selection of surveys and interviews 
as the data-gathering tools for this project. Every tool contributes its special qualities to a 
comprehensive knowledge of the intricate dynamics underlying the adoption of AI (Dwivedi 
et al., 2021). 

 
The statistical analysis of quantitative data from surveys using SPSS (Statistical 

Package for the Social Sciences) and thematic analysis of qualitative data from interviews will 
be combined in this study’s data analysis. A thorough examination of the current trends, 
difficulties, and effects of AI deployment in China’s public sector is ensured by this mixed-
methods approach (Zuiderwijk et al., 2021). A popular statistical program that makes it easier 
to analyze quantitative data is called SPSS. Researchers can find patterns, correlations, and 
trends in the numerical data gathered from surveys by using SPSS’s descriptive statistics, 
inferential statistics, and other analytical tools (Mukasa et al., 2021). This program is very 
helpful in determining correlations between variables, testing hypotheses based on survey 
data, and looking at the frequency of various attitudes. 
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200 surveys were used in the study’s quantitative phase, which illustrates a practical 

strategy for reaching statistical reliability while taking resource limitations into account. 
Larger sample sizes are typically sought in quantitative research to improve estimate precision 
and raise the possibility of finding important patterns or correlations in the data (Rogers et 
al., 2020). A sample size of 200 provides a good mix between the practical constraints of time 
and money and statistical rigour, particularly in a study involving a dynamic and diversified 
population such as China's public services. 
 
Results 
Quantitative Analysis 

Question Response Frequency Percent Valid 
Percent 

Cumulative 
Percent 

Has AI adoption improved the 
efficiency of public service 
delivery in China? 

Agree 32 16.0 16.0 16.0 

Disagree 43 21.5 21.5 37.5 

Neutral 34 17.0 17.0 54.5 

Strongly 
Agree 

37 18.5 18.5 73.0 

Strongly 
Disagree 

54 27.0 27.0 100.0 

Has AI adoption resulted in 
improved citizen satisfaction 
levels? 

Agree 39 19.5 19.5 19.5 

Disagree 41 20.5 20.5 40.0 

Neutral 43 21.5 21.5 61.5 

Strongly 
Agree 

41 20.5 20.5 82.0 

Strongly 
Disagree 

36 18.0 18.0 100.0 

To what extent do you think 
AI applications have 
improved the convenience 
and personalization of 
services? 

Effective 42 21.0 21.0 21.0 

Ineffective 40 20.0 20.0 41.0 

Neutral 37 18.5 18.5 59.5 

Not 
Effective at 
All 

40 20.0 20.0 79.5 

Very 
Effective 

41 20.5 20.5 100.0 

The data delves into how the Chinese government views AI implementation, with an emphasis 
on how it would affect productivity, happiness among the populace, and the ease and 
customization of service delivery. A range of perspectives, including hope and doubt over the 
efficacy of AI integration, are reflected in the replies. 
 
There is noticeable split in the responses when asked if the use of AI has made public service 
delivery more efficient. With 27% (54 people) strongly disagreeing, there is a lot of doubt 
regarding AI's efficiency gains. Then there are the 21.5 percent (or 43 people) who are in 
disagreement. In contrast, a smaller but significant portion of the participants (18.5%, or 37 
people) strongly agree and 16%, or 32 people, agree, indicating a favorable opinion. There 
seems to be some ambiguity or absence of concrete data regarding the effects, since 17% of 
respondents (34 people) gave neutral answers. More people in the distribution are skeptical 
about the efficiency benefits of AI adoption than are positive about it, indicating a mixed 
viewpoint. 
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The results are more evenly split when we question if the deployment of AI has increased 
citizen contentment. The biggest group, consisting of 21.5% or 43 respondents, is still 
indifferent, suggesting that they have mixed feelings or are unsure about this result. A sizeable 
percentage identifies gains in citizen satisfaction, with 19.5% (39 participants) and 20.5% (41 
individuals) indicating agreement and strong agreement, respectively. Nevertheless, a 
significant portion of respondents still harbors skepticism, as 20.5% (41 participants) disagree 
and 18% (36 participants) strongly disagree. According to these results, some people are still 
not convinced that AI has improved citizen pleasure, and others have not seen any changes 
either. 
 
The third inquiry delves into how far AI has come in making public services more personalized 
and user-friendly. A fairly even split exists between those who think AI applications are 
effective (21%, or 42 people) and those who think they are very effective (20.5%, or 41 
people). On the flip side, a significant amount of discontent is evident from the 20% (40 
respondents) who evaluate AI as completely ineffective and an equal number who consider 
it to be ineffective. The 18.5% of participants who gave neutral responses (37 people in total) 
may be ambivalent about or have had little experience with AI-driven personalization 
initiatives. Some respondents saw substantial improvements, while others saw little to no 
change, illustrating the broad range of perspectives shown by these results. 
 
Qualitative Analysis 
Theme 1: Delayed Implementation and Service Inefficiencies 
Significant delays in project implementation have resulted from the difficulties connected 
with AI adoption, which has led to inefficiencies in the delivery of public services. Inadequate 
infrastructure, limited finance, and an absence of qualified workers are some of the factors 
that delay project progress. Not only do these holdups cause public services to fall behind in 
serving the requirements of citizens, but they also squander resources. Ineffective AI adoption 
forces departments to rely on antiquated technology, which slows down their response times 
and makes them less productive overall. 
 
Participant 3 remarked, "We’ve had an AI project in the pipeline for two years, but we still 
don’t have the infrastructure or expertise to get it running. It’s frustrating because we know it 
could improve our services." This highlights how delays in implementation can lead to 
stagnation and missed opportunities for efficiency gains. 
 
The lack of synchronization across different public service departments also exacerbates 
inefficiencies. Departments with varying levels of AI adoption struggle to coordinate efforts, 
resulting in fragmented services. For example, while some sectors benefit from advanced AI 
systems, others lag behind, creating inconsistencies in service quality and delivery times. 
 
Participant 1 shared, "Our department is ready to implement AI, but we can’t move forward 
because other teams we work with don’t have the necessary resources or systems in place." 
This emphasizes the need for a coordinated approach to AI adoption to minimize 
inefficiencies. 
 
Such delays also affect public perception, as citizens expect modern, responsive services. 
When public service delivery fails to meet these expectations, trust in government initiatives 
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diminishes. Participants noted that without visible progress in AI adoption, citizens grow 
skeptical about the promises of improved efficiency. 
 
Participant 4 observed, "People expect quick, AI-powered solutions, but when they see delays 
and the same old systems, they lose confidence in our ability to deliver." This shows how 
inefficiencies caused by delayed implementation directly impact public trust and satisfaction. 
Overcoming these challenges requires strategic planning, consistent funding, and a unified 
approach to implementation. Addressing these inefficiencies will enable public services to 
meet citizen expectations and improve overall performance in a timely manner. 
 
Theme 2: Unequal Access to Improved Services 
There is a disparity in the availability of better public services due to the fact that AI adoption 
rates in urban and rural regions are different. Unfortunately, owing to a lack of resources and 
infrastructure, rural areas are unable to compete with urban centers when it comes to 
powerful AI systems. People living in rural areas face higher wait times and subpar service 
quality as a result of this inequality, which leads to inefficiency. National attempts to update 
public services completely are also impeded by the uneven distribution of resources. 
 
Participant 2 noted, "In cities, people are already using AI to access quick healthcare 
appointments, but in rural areas, we’re still relying on paper records." This highlights how rural 
regions are at a disadvantage, leading to significant gaps in service quality. 
 
Participants emphasized that this inequality undermines the core purpose of public services: 
to provide equitable access to all citizens. The inability to implement AI uniformly across 
regions means that resources are not being optimized effectively, leaving rural citizens 
underserved while urban areas flourish. 
 
Participant 5 shared, "AI adoption is creating a digital divide. It feels like rural areas are being 
left out of modernization efforts, which isn’t fair." This underscores the need for targeted 
initiatives to bridge the gap and ensure equal access to services. 
 
Inconsistent access to AI-driven services also impacts overall efficiency. When rural regions 
cannot adopt AI, it creates bottlenecks in processes that require cross-regional coordination. 
This lack of uniformity results in slower operations and reduced effectiveness in addressing 
citizen needs. 
 
Participant 4 remarked, "We’re constantly dealing with delays because some regions don’t 
have the systems to communicate efficiently with us." This demonstrates how unequal access 
affects the broader public service ecosystem. 
 
Addressing these disparities requires focused investments in rural infrastructure, targeted 
funding, and policies that prioritize equitable AI implementation. Ensuring that all citizens 
benefit from advancements in technology is essential for improving the overall efficiency of 
public services. 
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Theme 3: Increased Workload for Employees 
Public servants' workloads becoming heavier as a result of AI adoption hurdles, which is an 
unexpected outcome. Workers will have to resort to manual procedures to make up for AI 
systems' delays or poor performance. Not only does this cause staff fatigue and decreased 
productivity, but it also slows down service delivery. When inefficient processes cause 
employees to have extra obligations on top of their regular jobs, it can lead to feelings of 
overload. 
 
Participant 1 shared, "Without a fully functioning AI system, we’re doing double the work—
handling manual tasks while trying to troubleshoot the existing technology." This illustrates 
how inefficiencies in AI systems directly impact employee workloads. 
 
Compounding the problem is the widespread lack of education and experience with AI 
technologies. When employees are not properly supported when working with new 
technologies, mistakes and wasted time are common outcomes. This sets up a feedback loop 
in which inefficiency increases workloads, which reduces overall performance. 
 
Participant 3 remarked, "We were given AI tools to make our work easier, but without proper 
training, it’s just adding to our stress." This highlights the importance of comprehensive 
training programs to ensure that employees can use AI systems effectively. 
 
Additionally, inefficient AI systems can create backlogs, as employees are unable to process 
tasks at the expected speed. Participants noted that these backlogs not only delay services 
but also impact citizen satisfaction, as people grow frustrated with longer wait times and 
unresolved issues. 
 
Participant 5 observed, "When AI doesn’t work as intended, everything slows down, and we’re 
left to clean up the mess manually." This demonstrates the ripple effect that inefficient AI 
adoption can have on employees and service delivery. 
 
Addressing these issues requires investments in training, user-friendly AI tools, and robust 
support systems to ensure that employees can effectively integrate AI into their workflows. 
By reducing workloads and improving efficiency, public services can enhance both employee 
satisfaction and overall performance. 
 
Theme 4: Reduced Public Trust in Services 
Challenges associated with AI adoption, such as algorithmic bias, lack of transparency, and 
data privacy concerns, have led to a decline in public trust in AI-driven services. Citizens often 
perceive AI systems as unreliable or unfair, particularly when they experience errors or 
inconsistencies in service delivery. This mistrust not only affects citizen satisfaction but also 
undermines the overall credibility of public service initiatives. 
 
Participant 4 remarked, "People don’t trust AI because they don’t understand how decisions 
are made. If they think it’s unfair, they lose faith in the system." This highlights the importance 
of transparency and fairness in building public trust. 
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Algorithmic bias is a significant contributor to this mistrust. Participants noted instances 
where AI systems unintentionally favored certain groups over others, leading to perceptions 
of discrimination. Such cases erode confidence in the technology and create additional 
challenges for public service organizations. 
 
Participant 2 shared, "We’ve had complaints about bias in AI systems, which makes people 
skeptical about using them. It’s a major hurdle for us." This underscores the need for rigorous 
testing and monitoring to ensure fairness. 
 
Data privacy concerns also play a critical role in reducing public trust. Citizens are often wary 
of sharing their personal information, fearing misuse or breaches. Without robust data 
protection measures, public service organizations struggle to convince citizens that their 
information is secure. 
 
Participant 5 noted, "Data privacy is a huge issue. If people think their data isn’t safe, they 
won’t use AI-driven services." This emphasizes the need for strong safeguards to address 
privacy concerns and foster trust. 
 
To rebuild trust, participants recommended greater transparency, regular audits, and public 
awareness campaigns to educate citizens about AI systems. These measures can help dispel 
misconceptions and demonstrate the value of AI in improving public services. 
 
Theme 5: Missed Opportunities for Innovation and Growth 
The challenges associated with AI adoption have resulted in missed opportunities to innovate 
and enhance public services. Departments that struggle with infrastructure, funding, or 
training are unable to experiment with new AI applications, limiting their ability to improve 
efficiency and performance. This stagnation prevents public services from keeping pace with 
evolving citizen needs and expectations, leading to a gap between what is possible and what 
is delivered. 
 
Participant 2 shared, "We see other countries using AI to solve problems we’re still struggling 
with, but we don’t have the resources to catch up." This reflects the frustration of falling 
behind due to unresolved challenges. 
 
Missed opportunities also impact the ability to address emerging issues, such as climate 
change or public health crises. Participants noted that AI could play a transformative role in 
these areas, but without proper adoption, its potential remains untapped. 
 
Participant 4 remarked, "AI could help us predict and manage emergencies better, but we’re 
not using it because of delays and other issues." This illustrates how challenges in AI adoption 
hinder innovation in critical areas. 
 
Additionally, the inability to adopt AI effectively affects employee morale and organizational 
culture. Employees who see their organizations lagging in innovation often feel demotivated, 
which can further reduce productivity and performance. 
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Participant 3 observed, "When you know there’s a better way to do things but can’t implement 
it, it’s hard to stay motivated." This highlights the psychological impact of missed 
opportunities on public service employees. 
 
Participants suggested that creating a culture of innovation, supported by targeted 
investments and collaborative partnerships, could help public services overcome these 
challenges. By addressing barriers to AI adoption, public service organizations can unlock their 
potential for growth and deliver enhanced services to citizens. 
 
Conclusion 
While this study's results show that AI has the ability to revolutionize public service delivery 
in China, they also highlight the enormous obstacles that must be overcome before this 
promise can be fulfilled. The discussion brings attention to the various obstacles that public 
service organizations face when trying to implement AI, including financial, ethical, and 
cultural ones. This research adds to the existing body of knowledge by shedding light on the 
significance of ethical governance, localized solutions, competent staff, and strong 
infrastructure. This chapter lays the groundwork for future research and policy development 
that aims to maximize the benefits of AI by merging theoretical perspectives with empirical 
data. The study's limitations are recognized, but it does pave the way for further research that 
could lead to more egalitarian, efficient, and socially responsive AI adoption in public services. 
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