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Abstract

With the growing interdependence of global capital markets, stock price co-movement—
securities moving together—has been in the limelight. In China, synchronized industry
movements are the result of speculative forces. Morck et al. (2005) ranked China second,
among 40 countries, in stock price co-movement, attributing this to its unique market
characteristics and strong investor influence. The dynamics reflect market efficiency,
investment, and regulation. Sentiment lies at the center of China's A-share market, in which
retail investors dominate. Synchronous price dynamics and speculation underlie volatility and
inefficiency. Sentiment's contribution to stock price co-movement is explored to capture how
psychological variables drive asset prices and market trends and inform risk based on
sentiment and regulatory reaction. The present study analyzes China's A-share stock co-
movement focusing on firm size and industry-based investor sentiment drive. Its novelty lies
in the construction of an investor sentiment index with turnover rate, trading volume, and
the Consumer Confidence Index (CCl) for a more sensitive capture of sentiment. The
composite index provides a systematic means of identifying sentiment-driven market
behavior. The research examines intensity of stock co-movement, sentiment changes, and
the moderating roles of firm size and industry. It quantifies sentiment-based synchronization
and examines how market structure determines this interaction, revealing behavioral and
structural ingredients in the Chinese market. Findings are beneficial to a number of
stakeholders. Investors are alerted to sentiment-driven price action and industry trends.
Regulators can react to sentiment-driven volatility and investor sentiment. In behavior
finance, the study applies sentiment models to China's market, demonstrating unique
patterns. From a market efficiency perspective, it investigates sentiment-driven mispricing
and industry behavior, filling research gaps in investor sentiment and stock co-movement.
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Introduction

The efficient market theory assumes that the intrinsic values of assets are reflected by market
prices, with a generation of fluctuations caused largely by new information (Ackert & Deaves,
2009). From this idealized point, real-world financial markets take a different turn as some
anomalies have been documented based on econometric improvement in the 1980s (Shiller,
2000). This phenomenon, where stock prices move in sync regardless of individual company
fundamentals, undermines the market's ability to discover prices and allocate resources
efficiently (You & Wang, 2022). Understanding the drivers of this co-movement presents an
opportunity to address these inefficiencies. By investigating the role of factors such as
investor sentiment, this research aims to explore mechanisms that influence stock price co-
movement. The results may assist investors in effectively managing portfolio risks, guide
policymakers in improving market transparency, and enhance the efficiency of resource
allocation within the securities market.

Recent studies indicate that stock price co-movement is an important phenomenon in
developed and emerging markets. Sahabuddin et al. (2022) confirmed the high degree of co-
movement between different national markets, putting a greater emphasis on the global
interconnectivity driven by shared economic influences and investor psychology. Mobeen
(2021) also identified strong co-movement and spillover effects among energy markets in
developed countries during crisis periods, emphasizing the heightened interconnectedness
during economic stress. Zehri (2021), noticed remarkable co-movement in stock prices
between the US and East Asian markets during the COVID-19 pandemic, underlining the far-
reaching impacts of such crises on market dynamics.

This raises the question of what actually drives this stock price co-movement phenomenon.
Traditional financial theories also assume that investors are essentially rational and that the
markets are efficient-that the available information is already factored into stock prices
(Samuelson, 1965) (Markowitz, 1952). Real-life financial markets, however, often provide
ample evidence against these suppositions (Shiller, 2000). Most traditional finance studies
explain stock price co-movements in terms of information efficiency, regulatory
environments, and firm-specific information. The information efficiency theory is of the view
that the level of efficiency in the markets significantly affects the co-movement in the prices
of stocks, a fact verified by several studies (Wang, 2024). In China, however, the market is still
in a state of weak efficiency, where corporate financial information and major event details
are not evenly distributed among investors. Although historical price data and trading
volumes are relatively equitably shared, such asymmetry in corporate information challenges
the complete explanation of the information efficiency theory in regard to stock price co-
movement in the Chinese context.

While many research has explored investor sentiment’s relationship with market volatility
and stock returns, few studies have specifically focused on its direct impact on stock price co-
movement. This represents a gap since co-movement is still one of the critical issues in the
stock market of China, given the domination by retail investors and therefore high level of
susceptibility to sentiment-driven trading behavior (Chen, 2019; Ma et al., 2020; Han & Li,
2017). Even though various studies like Miller and Scholes (1982) and Shiller (2000)
demonstrate how investor irrationality acts as a factor in the diversion of price away from
fundamental values, De Long et al. (1990) and Baker & Wurgler (2006) document how noise
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traders and initial investor sentiment give a cue as to subsequent returns. However, its direct
role in driving co-movements in stock price has not been discussed at large, especially in
Chinese context.

Besides, although the Chinese stock market has been developed since 1990, there is still a
shortage in the research about how investor sentiment particularly influences the co-
movement of stock prices in this special market. Previous research is mainly focused on
market efficiency, regulatory environments, and corporate transparency while neglecting the
behavioral aspect, which plays an increasingly essential role in modern markets. Liang (2002)
and Wen et al. (2007) have documented irrational behavior of Chinese investors, propelled
by short-term expectations and exaggerated sensitivity to fluctuations in returns. Recently, Li
et al. (2024) proved that investor sentiment influences stock index returns, but how this
investor sentiment causes synchronism in the stock prices of China's policy-driven stock
market has not been appropriately addressed.

This gap in understanding is important given China’s unique market characteristics, including
the high concentration of retail investors and the strong influence of government policies.
Addressing this gap is essential for providing new empirical insights into how investor
sentiment shapes stock price co-movement and for enhancing our understanding of China’s
capital market dynamics.

Literature review & Conceptual Framework

Stock Price Co-movement

The concept of co-movement, or synchronization, in economics was first introduced by Lucas
(1977), who shifted the focus in business cycle theory from analyzing GDP as a single time
series to exploring the interconnections of multiple time series. In stock markets, co-
movement refers to the correlated movement of stock prices, such as synchronized rises and
falls (Gregory, Huang & Niu, 2013).

Co-movement has grasped the increasing attention of researchers with the rapid growth of
economy and expansion of the international capital markets for analyzing the stock market
price. Co-movement or synchronicity in stock price simply means the prices of various
securities increase and decrease collectively in the stock market. This notable relationship in
asset price movements is driven by both macroeconomic factors—such as interest rates,
inflation, and GDP growth—and non-economic factors, including investor sentiment, market
psychology, and regulatory policies. This phenomenon is particularly pronounced in emerging
markets like China’s A-share market, where investor sentiment plays a crucial role (Zhu,
2022). Sentiment-driven co-movement arises when investor collective behavior driven by
market sentiments or perceptions yields a synchronized stock price dynamics not entirely
justified by the fundamentals of firm-specific events.

Investor sentiment can amplify co-movement in stock prices. When investor sentiment
dominates market behavior, stock prices tend to move together even regardless of
companies' fundamental performance. Indeed, such a phenomenon could occur not only
within but also across sectors, industries, and even geographical regions and between
different nations in their respective stock markets. Therefore, this phenomenon can be
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witnessed across the entire gamut of industries and sectors, especially in sentiment-driven
markets such as that of the A-share market in China.

Effectiveness of the Chinese Security Market

The Efficient Market Hypothesis is a concept derived from traditional financial theory, which
Fama (1970) first put forward; it has subsequently been categorized into three forms: weak,
semi-strong, and strong. In its weak form, all historical stock prices are reflected in current
prices, wherein it is impossible for investors to consistently realize excess profits by using
technical analysis. Fama (1965) confirms this empirically, finding that stock prices follow a
random walk-a finding consistent with weak-form efficiency. However, the assumption of full
investor rationality is not always realistic. Investor sentiment may influence the demand for
assets based on irrelevant information, which, in turn, undermines the EMH since irrational
behavior could be systematic in the market. Weak-form efficiency, which asserts that stock
prices already incorporate all historical price data, has been the subject of extensive research
and ongoing debate. Under this concept, predicting future prices or consistently earning
excess returns through technical analysis is deemed impossible.

Since the inception of China’s securities market, domestic researchers have conducted
empirical studies, produce conflicting results. Some studies suggest that the Chinese
securities market exhibits weak-form efficiency, while others argue it has not yet achieved
this level of efficiency. One major issue in the research on Chinese stock market efficiency is
the short duration of time series used, making it difficult to fully assess the market’s
efficiency. In this context, investor sentiment likely fills the gap caused by inefficient
information dissemination, leading to more sentiment-driven stock price co-movement. This
study will examine how investor sentiment interacts with these inefficiencies to drive co-
movement in China's A-share market

Investor Sentiment

Baker and Wurgler (2006) defined investor sentiment as a speculative tendency that drives
speculative demand and affects cross-sectional stock returns. Baker and Stein (2004) used
market liquidity as a sentiment indicator, suggesting that overconfident, irrational investors
increase liquidity and create sentiment shocks. When sentiment is positive, stocks become
overvalued. Baker and Wurgler (2006) also studied mispricing due to investor sentiment from
a liquidity perspective, noting that under short-selling constraints, high liquidity reflects
irrational trading behavior, leading to frequent trading and pricing errors. Black (1986),
building on Kyle’s concept of "noise traders", argued that noise traders mistakenly perceive
irrelevant information as valuable and trade accordingly, causing stock prices to reflect their
erroneous pricing levels. De Long et al. (1990) proposed the noise trader model, which
attributes deviations in expected stock returns from rational arbitrageurs’ beliefs to investor
sentiment. This model suggests that differing judgments about asset values and psychological
factors lead to non-rational expectations, causing asset prices to deviate due to investor
sentiment. Barberis (1998) observed that investor sentiment affects the value preferences of
noise traders in the asset pricing process. Brown & Cliff (2004, 2005) described investor
sentiment as market participants’ expectations of stock returns, with bullish or bearish
expectations deviating from the market average. This sentiment is present not only among
individual investors but also institutional investors.
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In Chinese research, studies on investor psychology and behavior have emerged later than in
Western countries. Given the large proportion of individual and retail investors in China’s
stock market, which shows notable herding effects (Sun & Shi, 2002), researching investor
sentiment is particularly important. Individual investor sentiment in China can quickly spread
across the market, causing widespread fluctuations. This sentiment not only affects individual
investors but also influences institutional investors, who may develop cognitive biases under
pressure and the influence of noise traders (Wang et al., 2004). Wang et al. (2004) used the
proportion of bullish respondents in CCTV’s market survey as an investor sentiment index,
indicating that investor sentiment stems from cognitive biases that shape individual
judgments of the market.

Measurement of Investor Sentiment

The direct indicators are obtained from the survey of the general investing public and reflect
the investor sentiment. These indicators may be further categorized into two groups: the first
for market trends, such as the Bull-Bear Index for reflecting the bullish or bearish condition
in the market, proposed by Cheng & Liu (2005) and the CCTV Market Sentiment Index,
proposed by Rao & Liu (2003).

The second category, to which this paper belongs, studies confidence in the general
macroeconomic environment of investors. For instance, the Consumer Confidence Index
indicates individuals' optimism or pessimism towards economic conditions (Lemmon &
Portniaguina, 2006). In this study, CCl is particularly germane because it provides an
aggregate view of sentiment conditions that is highly useful for considering how
macroeconomic confidence impinges on the co-movement of stock prices. Han and Ren
(2006) find that CCl is positively correlated with short-term returns in China's stock markets,
further underpinning the relevance of CCl in reflecting investor sentiment. The selection of
CCI thus allows for an analysis of how general economic sentiment influences investor
behavior that may lead to stock price synchronization in China's A-share market.

Indirect indicators use publicly available market transaction data, in retrospect, to indirectly
or partly reflect investor sentiment. Mainstream research identifies several key measures,
among these indirect indicators, trading volume is a critical indicator because it captures the
collective behavior of investors during periods of heightened sentiment. As noted by Baker
and Wurgler (2006), trading volume tends to spike during emotionally charged periods, often
disregarding firm-specific fundamentals. Therefore, this kind of sentiment-driven trading in
the retail-dominated market of China raises the co-movement of stock prices.

Similar to trading volume, the turnover rate indicates the frequency of trading and reflects
the short-term trading behavior triggered by investor sentiment. According to Baker and
Stein (2004), a high level of the turnover rate is positively related to market optimism, which
may further facilitate the synchronization of stock prices. In a market featuring information
asymmetry, such as China, the turnover rate serves as an essential indicator of how emotion-
driven trading amplifies the co-movement in stock prices.

While single investor sentiment indicators as showed below are widely used, they are

fundamentally constrained by researchers’ subjective choices of indicators, with concerns
about the accuracy and authenticity of these measurements. This is particularly true in
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China’s financial market, where the market is relatively young and still developing, making it
difficult for sentiment organizations to obtain reliable data. Existing sentiment indices often
lag behind those in other countries in terms of time coherence and data accuracy, and the
limited variety and quantity of financial derivatives in China’s capital markets mean that
selected indicators may only capture partial changes in investor sentiment, leading to
potentially biased empirical results. To tackle these challenges, researchers have developed
composite sentiment variables by mathematically combining different individual sentiment
indicators.

To date, the research on investor sentiment has not yielded a precise definition, largely due
to the subjective, complex, and variable nature of sentiment. Consequently, there is no
consensus within the academic community on how to quantitatively measure investor
sentiment. However, since the introduction of the BW Index, constructing composite market
sentiment indicators has gradually become the predominant approach in sentiment research.
This paper will also adopt this method to examine the impact of investor sentiment on stock
price co-movement.

Noise Trading Theory

Noise Trading Theory, introduced by Black (1986), defines noise traders as investors who
make decisions based on whims, misinformation, or other non-fundamental factors rather
than on intrinsic values of stocks. Unlike rational traders, who base decisions on all relevant
information, noise traders are influenced by emotions or trends, often driving prices away
from their true values. This theory contrasts with the Efficient Market Hypothesis (EMH),
which assumes that stock prices reflect all available information, leading to an accurate
alignment with intrinsic values. De Long, Shleifer, Summers, and Waldmann (1990) suggest
that the irrational sentiments of noise traders can cause prices to deviate from their
fundamental values for extended periods, often leading to extreme fluctuations. The
uncertainty in the beliefs of these noise traders introduces a risk that opposes the actions of
rational arbitrageurs, leading to price deviations from fundamentals even when no
fundamental risk is present. Noise traders create their own market dynamics, and arbitrage
is insufficient to eliminate their impact. Their DSSW model mathematically illustrates how
noise traders contribute to these deviations by acting on sentiment-driven beliefs, which
generate risk that opposes rational arbitrage. In effect, noise traders’ expectations and
sentiment establish a significant dynamic in the market, one that rational arbitrage alone
cannot neutralize.

Returning to the study of stock price co-movement phenomenon, as the market return can
be expressed as a portfolio of different risky assets in the market, the linkage between it and
individual stocks can be considered as a weighted combination of the linkage between
different risky assets, Zhang improves the noise trading model of De long et al. (1990) to
obtain the expression for the expected return of risky assets that includes investor sentiment.

Relationship between Trading Volume and Stock Price Co-Movement

It is generally considered that trading volume is one of the most significant indicators of
investor sentiment and market activity. Generally speaking, a high volume signifies an
increased investor sentiment (Campbell, Grossman & Wang, 1993). In recent literature also,
after significant market events, there has been an upsurge of trading volume responding to
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changes in investor sentiment (Simon & Violet, 2015). In this way, aggregated investor
behavior driven by sentiment and not by fundamentals leads to the increased co-movement
of stock prices.

For example, Chaiyuth et al. (2019) further develop the view that trading volume surges in
periods of high sentiment, particularly in less efficient markets like China. The trading of
investors in such markets is therefore usually based on sentiment and noise, further
increasing stock price co-movement. Therefore, trading volume can be viewed as a good
predictor of stock price co-movement since it reflects investors' emotional response toward
market trends. Therefore, the following proposition is formulated:

Proposition 1: Trading volume affects stock price co-movement in China's A-share market.

Relationship between Turnover Rate and Stock Price Co-Movement

In the literature, one proxy often used to represent liquidity is turnover, which is also an
important proxy for investor sentiment. The turnover captures the intensity of trading of the
stock in markets that can reflect the degree of market activities or investor excitement.
According to Chaiyuth et al. (2019), high turnover is normally referred to as high investor
sentiment. Chen et al. (2020) analyze how higher turnover increases stock price volatility due
to a collective trading behavior in favor of firm-specific fundamentals. If investors are
optimistic about the market, they all trade in the same direction, thereby forcing the stock
prices to move together. Although their study focuses on price volatility, the same collective
trading behavior in China's A-share market, dominated by retail investors, may also cause
stock price co-movement, particularly when investor sentiment drives correlated trading
across multiple stocks Xu & Malkiel (2003).

The noise trading factor becomes more active in the less efficient markets; thus, the turnover
rates spike due to the sentiment-driven behavior and further increase the stock price co-
movement. Han & Li (2021) noted that turnover rate is a good predictor of stock price, given
that investors mainly respond to the overall stock market sentiment rather than to specific
firm fundamentals. Therefore, it may provide an important source of understanding the co-
movement in emerging markets such as China's A-share market. In light of the above study,
the following proposition is formulated:

Proposition 2: Turnover rate positively affects stock price co-movement in China's A-share
market.

Relationship between CCl and Stock Price Co-Movement

The CCl is an indicator that widely reflects the optimism or pessimism of consumers in the
general economic environment. This heightened confidence can fuel more enthusiasm in the
stock market, as investors are much more willing to take risks, leading to increased activity in
the stock market (Li & Piao, 2019). For instance, studies have shown that when consumer
confidence is at its peak, investors are usually optimistic, hence always having a positive
effect on the equity markets, as well as increased trading volume (Wang et al., 2021; CFA
Institute, 2022).

In emerging markets like China, where sentiment-driven behaviors prevail, changes in the CCl

may be an important factor for collective investor decisions. An increased CCl reflects
increasing optimism over future economic performance and hence can result in synchronized
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trading behavior that, in turn, leads to increased co-movement in stock prices. Therefore, the
CCl is an indirect proxy for investor sentiment, perhaps driving stock price co-movement
through emotional responses to macroeconomic trends. The following proposition is:
Proposition 3: CCl positively affects stock price co-movement in China's A-share market.

Relationship between Investor Sentiment and stock Price Co-Movement

It is specially designed to capture the market-wide investor sentiment, reflecting factors of
both positive and negative market sentiments. The index combining the key indicators of the
sentiment, such as volume of trading, turnover ratio, and the Consumer Confidence Index.
MIS is constructed because a single indicator cannot fully capture the degree of investor
sentiment that reflects the collective emotional response to market conditions.

The DSSW model in the previous section indicates that the correlation between asset returns
is partially driven by investor sentiment. This relationship shows that the co-movement of
stock prices can be influenced by the degree of irrational behavior among investors, where
sentiment-driven trading results in synchronized price movements. The MIS captures both
contemporaneous and lagged investor sentiment, with lagged sentiment exerting a stronger
effect due to the slower transmission of noise and sentiment. This leads to collective decision-
making that amplifies stock price co-movement.

The MIS is essential because it aggregates multiple sentiment indicators, offering a more
robust representation of investor sentiment in China's A-share market, where noise trading
and sentiment-driven behaviors play a dominant role. Consequently, based on the study
above, the following proposition is drawn:

Proposition 4: Investor sentiment positively affects stock price co-movement in China's A-
share market.

Conceptual Framework

The conceptual framework of the study will employ the influence of investor sentiment on
the co-movement of stock prices in China's A-share market, taking investor sentiment as the
independent variable and the co-movement of stock price as the dependent variable. The
framework uses a composite market sentiment index that will include trading volume, the
turnover rate. As might be expected, the variations across industries and company size
naturally lead to a natural group analysis-segmentation based on co-movement of stock
prices by industry and by firm size-enabling one to explore how investor sentiment affects
co-movement in these different sectors and by varying company sizes.
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Noise Trading Theory

Investor Sentiment P4 ¥ Stock Price Co-movement

P1

Trading Volume

P2

Turnover Rate

P3

Consumer
Confidence Index

Figure 1: Conceptual Framework

Research Implications

This study has created literature gaps, particularly in China's A-share market, and developed
hypotheses for stock price co-movement and investor sentiment. Through the industry
classification of stocks and firm size, this study identifies unique market dynamics, allowing it
to provide rich insight into how sentiment-based actions drive stock price movement. This
segmentation approach is a main innovation, and it allows sentiment's impact to be examined
with more accuracy among different segments within the market. Theoretically, this research
provides contribution by bringing investor sentiment into the co-movement analysis of stock
prices and suggesting an industry- and size-based classification scheme. Unlike existing
studies that are generally market-wide in style, this study reveals how different types of firms
are affected differently by sentiment, providing empirical evidence to China's peculiar
economic environment for behavioral finance literature.

In conclusion, the findings have implications for practice to investors, policy-makers, and
financial analysts. It enables investors and financial analysts to better form risk judgments
and investment decisions with an understanding of how sentiment causes stock price
synchronization across industries and firm sizes. The findings of this work also have important
implications for regulatory policy aimed at stabilizing China's dynamic financial system by
uncovering market inefficiencies driven by sentiment fluctuations across different sectors.
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